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a b s t r a c t

A substantial part of current research efforts on desertification are devoted to establish monitoring sys-
tems to evaluate the status of natural resources and the onset of desertification processes. Methodologies
based on ground-collected soil and plant indicators are being increasingly used for this aim because they
are affordable yet do not compromise accuracy. Despite their inherent value, these methods have limita-
tions regarding the extent of the area that can be monitored using them. Such limitations can be overcome
combining field-based approaches with remote sensing data, which allow the establishment of moni-
toring programs over large areas. In this article we tested the relationship between a field methodology
based on indicators of ecosystem functioning, the landscape function analysis (LFA), and a vegetation
index (NDVI) obtained from satellite images of the ASTER sensor using data gathered in Stipa tenacissima
steppes from central Spain. LFA uses soil surface indicators to assess the condition of a given ecosystem
by producing three numerical indices (stability, infiltration and nutrient cycling) reflecting the status
of basic soil functions. We found a significant positive linear relationship between the NDVI, the three
LFA indices and some key structural attributes of vegetation related to the cover of perennial plants. Our
results indicate that NDVI can be used as a surrogate of ecosystem functioning in semi-arid Mediter-
ranean steppes, and thus can be a helpful index to monitor the functional status of large areas in these
ecosystems, and the possible onset of desertification processes.

© 2011 Elsevier Ltd. All rights reserved.

1. Introduction

Arid and semiarid areas occupy almost two-fifths of the Earth
surface, supporting the life of more than one billion people
(Reynolds et al., 2007a). Certain demographic, socio-economic and
technological changes in many of these areas have led to an exces-
sive pressure on natural resources, which have led to an intense
degradation of soils, vegetation and ecological processes resulting
in a loss of biological and economic productivity called desertifi-
cation (Reynolds et al., 2007b). Desertification is a major global
environmental problem, and is estimated to affect 65–70% of all
arid, semi-arid and dry-subhumid areas worldwide (Reynolds et al.,
2007a).
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E-mail address: miguel.garciag@upm.es (M. García-Gómez).

The establishment of programs for long-term monitoring of
natural resources is an effective way of assessing their status
(by detecting early changes in ecosystem structure and function)
and the development of desertification processes, allowing the
establishment of effective and economically sound management
measures (Fernández et al., 2002; Reynolds et al., 2007b). In recent
years, increasing efforts have been devoted to the development and
calibration of ground-based monitoring methods based on indica-
tors (Tongway and Hindley, 2004; Pyke et al., 2002; Herrick et al.,
2005). These methods are based on measuring a selected suite of
soil and vegetation attributes related to ecosystem processes defin-
ing their functionality and resilience.

Among the different indicator methods to monitor ecosystem
processes developed, one of the most widely employed is the land-
scape function analysis (LFA) methodology developed in Australian
rangelands by David Tongway and collaborators (Tongway and
Hindley, 2004). LFA uses soil surface indicators to assess the sta-
tus of a given ecosystem in terms of functionality, i.e. the degree to
which resources tend to be retained, used and cycled within the sys-
tem (Tongway and Ludwig, 2010). This methodology satisfies the
requirements for meaningful indicator-based methods (Whitford,
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doi:10.1016/j.ecolind.2011.02.015



Author's personal copy
Journal Identification = ECOIND Article Identification = 793 Date: May 6, 2011 Time: 7:27 pm

M. García-Gómez, F.T. Maestre / Ecological Indicators 11 (2011) 1476–1481 1477

Fig. 1. Location of the study area within Spain (inset), and of the study plots within the study area. The values of the normalized difference vegetation index (NDVI) are
shown in the background.

2002): it reflects the status of critical ecosystem processes, is unam-
biguous, and can be used over a wide range of ecosystems. In
addition, its use in the field is rapid and inexpensive, and thus is
particularly suitable for land managers and technicians.

The output of LFA is given by three indices (stability, infiltra-
tion, and nutrient cycling) that summarize different facets of the
functionality of the ecosystem, and that are strongly related to
quantitative measures of related ecosystem processes (Tongway
and Hindley, 2003; Bartley et al., 2006; Maestre and Puche, 2009).

The LFA methodology has been extensively used and tested in semi-
arid ecosystems of Australia (Holm et al., 2002; Ludwig et al., 2004;
Thompson et al., 2006; Bartley et al., 2006), Iran (Ata Rezaei et al.,
2006), Tunisia (Derbel et al., 2009) and Spain (Maestre and Cortina,
2004; Maestre et al., 2006; Mayor, 2008; Maestre and Puche, 2009),
and is currently being implemented in different Latin American
countries such as Argentina (Oliva et al., 2009).

In addition to their relative simplicity, interpretability and min-
imum cost, indicator-based methodologies such as LFA allow the
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establishment of comparative spatio-temporal analysis of a given
set of study areas (Tongway and Ludwig, 2010; Maestre and Cortina,
2004). This gives a large potential for this methodology to eval-
uate the success of environmental restoration efforts over time,
and to create monitoring programs to combat desertification. How-
ever, ground-based methods such as LFA face limitations when
applied over large geographical areas due to logistic problems
such as access to particular sites and constraints such as lack of
funding or personnel. These limitations can be overcome by com-
plementing the information gathered by field methods with the use
of remote sensing data, which have been successfully employed
to monitor desertification processes in the United States (Asner
and Heidebrecht, 2005), Latin America (Asner et al., 2003), Africa
(Prince et al., 1998), Australia (Bastin et al., 2002), China (Wu and
Ci, 2002) and Europe (Imeson and Prinsen, 2004), to name a few
examples. The combination of ground- and remote sensing-based
approaches offer great promise to advance in the establishment
of sound and cost-effective desertification monitoring programs in
drylands (Ludwig et al., 2007; Reynolds et al., 2007b).

In this study we explored the relationship between both the
LFA indices and key structural attributes of vegetation and the nor-
malized difference vegetation index (NDVI; Sellers, 1985; Tucker
et al., 1985) obtained from the sensor ASTER (Advanced Spaceborne
Thermal Emission and Reflection Radiometer), onboard the TERRA
satellite (http://www.jpl.nasa.gov). We did so using a database
obtained from 40 Stipa tenacissima L. steppes located in central
Spain. These steppes are one of the most important ecosystems
in the driest areas of Europe and North of Africa, and are widely
distributed from Lybia to Morocco (see Maestre et al., 2009 for a
recent account of their natural history). The three LFA indices have
been satisfactorily calibrated with different surrogates of ecosys-
tem functioning in these steppes (Mayor, 2008; Maestre and Puche,
2009). Recent work has also used remote sensing data to calibrate
the LFA indices in restored mines in Australia (Ong et al., 2009).
However, such calibration has not been carried out in S. tenacis-
sima steppes, a crucial step in order to evaluate the potential of
remote sensing data to implement its use as a monitoring tool in
this ecosystem. We aimed to do so by evaluating the relationships
between the LFA indices, key features of perennial vegetation and
the NDVI.

2. Materials and methods

2.1. Study area

The study area is located approximately 15 miles southeast of
the city of Madrid, and belongs to the Southeast Regional Park,
within the limits of the municipalities of Arganda del Rey and San
Martín de la Vega (Fig. 1). This area has remained mostly undis-
turbed during the last 40 years because it is part of a larger private
game reserve. All the study sites were located in soils derived
from limestone (Lithic Calciorthid; Soil Survey Staff, 1994) or in
gypsum-rich soils (Typic Gypsiorthid; Soil Survey Staff, 1994), two
of the main substrates over which S. tenacissima steppes develop in
Spain (Maestre et al., 2007). Climate of study area is Mediterranean
semi-arid, with an average annual temperature and precipita-
tion of 14.5 ◦C and 400 mm, respectively. Vegetation was either a
Mediterranean shrubland dominated by Quercus coccifera L. in the
north-facing slopes and in the most elevated areas or an open grass-
land dominated by S. tenacissima in the south-facing slopes and less
elevated areas.

2.2. Field sampling

This study was conducted in 40 15 m × 15 m plots located in
the study area (Fig. 1). Plots were placed according to a strati-

fied random sampling aiming to capture most of the variability
in the NDVI observed in the study area (Fig. 1). All the plots
were oriented in the direction of the maximum slope (i.e. the
upper part of the plot was located in the upper part of the
slope), which corresponds with the predominant water flow. The
four corners of each plot were located using a GPS (Trimble
GeoXH; http://www.trimble.com/geoxh.shtml), corrected in dif-
ferential real-time SBAS (EGNOS) to locate with metric precision
the study plot in the satellite image. All the field sampling was
carried out in July 2009.

2.2.1. Vegetation survey
In the upper left corner of each plot, we located one 15 m long

transect downslope for vegetation and soil surveys. Two paral-
lel transects of the same length, each located 7.5 m apart across
the slope, were added. In each transect we collected a continuous
record of patch and inter-patch zones. A patch is defined as a long-
lived feature that is able to collect water, sediments, and nutrients
coming from runoff such as perennial plants and shrub branches
contacting soil (Tongway and Hindley, 2004) and that is separated
by bare soil surface from the next patch. From these transects, we
obtained data on the following vegetation distribution attributes:
the total cover of plant patches (TPA, total patch area), their num-
ber per unit length of transect (Number of patches/10 m, number of
patch zones every 10 m), their area (PAI, patch area index) and the
average distance between consecutive patches (AIL, average inter-
patch length) and the landscape organisation index (LOI), derived
by dividing the sum of the patch zones by the length of the transect
line.

2.2.2. Soil surface assessment
The assessment of LFA indices was performed in bare ground

areas devoid of vascular vegetation and under the canopy
of dominant perennial species (S. tenacissima and perennial
shrubs), respectively. Within each site, we randomly located five
50 cm × 50 cm sampling points in open areas and under the canopy
of S. tenacissima tussocks for the assessment of the LFA indices.
Some of the sites had well-developed individuals of sprouting
shrubs (mostly Q. coccifera and Retama sphaerocarpa Boiss.). In
these sites, five shrub individuals were also randomly selected for
the assessment of the LFA indices under their canopies. A total
of 595 sampling points were surveyed. In each sampling point,
we measured eleven soil surface features (total soil cover, basal
cover of perennial grasses and shrub canopy cover, litter cover
and degree of decomposition, cover of biological soil crusts, crust
brokenness, erosion type and severity, deposited materials, soil
surface roughness, surface resistance to disturbance, slake test
and soil texture), which were combined to obtain the three LFA
indices: stability, infiltration and nutrient cycling. Details on how
these surface indicators are combined to obtain the LFA indices
are given elsewhere (Tongway and Hindley, 2004; Tongway and
Ludwig, 2010). The stability index provides information about the
ability of the soil to withstand erosive forces, and to recover after
disturbance. The infiltration index shows how the soil partitions
rainfall into plant-available water, and runoff water that is lost
from the system. The nutrient cycling index provides informa-
tion about how efficiently organic matter is cycled back into the
soil.

The LFA indices obtained in the different microsites were scaled
up to obtain average estimates for each site. This was done by
multiplying the proportion of the area covered by each microsite
by the average LFA indices obtained at that microsite and then
adding them together (Holm et al., 2002; Maestre and Cortina,
2004; Mayor, 2008; Maestre and Puche, 2009).
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Fig. 2. Examples of the models fitted to the relationships between the the normalized difference vegetation index (NDVI) and the stability, infiltration and nutrient cycling
indices, and between NDVI and the landscape organization index (LOI). See Table 1 for a summary of all the models obtained. Results of a linear regression are shown in all
cases.

2.3. Remote sensing data and image processing

For this study we used multispectral images of the ASTER sensor
onboard the TERRA satellite taken on 27/08/2008 (L1A dbID = SC:
AST L1A.003: 2066051010), with no cloud cover and with an
imaging center located at 40◦30′38′ ′N, 3◦42′39′ ′W. ASTER cov-
ers a wide spectral region with 14 bands, from the visible to
thermal infrared, and has high spatial, spectral and radiometric
resolution. The spatial resolution in the visible and near infrared
(VNIR, required for the NDVI calculation) is 15 m, like plots sur-
veyed in the field. We corrected images geometrically with support
of field points to reduce error below 2 m, and corrected it for
radiometric atmospheric attenuation by subtracting the mini-
mum level of each band using the software ERDAS Imagine 9.1
Professional (Leica Geosystems Geospatial Imaging, Atlanta, GA,
USA). As the error of the differential real-time SBAS GPS (EGNOS;
http://www.esa.int/esaNA/GGG63950NDC egnos 0.html) used are
typically 1.5 m, we matched the size of each plot sampled in the field
to that a pixel in such image to facilitate the comparison between
field and remote sensing data.

2.4. Data analysis

LOI was highly correlated with TPA (r = 0.722, P < 0.001, n = 40),
PAI (r = 0.726, P = 0.001, n = 40) and AIL (r = −0.477, P = 0.002, n = 40),
and TPA was highly correlated with the number of patches per unit
length of transect (r = −0.457, P = 0.003, n = 40). Therefore, we only
used LOI – which is a surrogate of total perennial plant cover – as
the structural attribute of vegetation in further analyses.

We investigated the relationships between NDVI data, the
three LFA indices and the vegetation structural attributes obtained
from the field transects using simple regression analysis. All the
variables were normally distributed (Kolmogorov–Smirnov test,
P > 0.05), and thus were not transformed. Predictive linear models

of the three LFA indices and LOI were generated using a two-step
approach. First, we randomly selected 75% of the plots (n = 30)
to generate each predictive model (random sampling without
replacement); the remaining 25% of the dataset (n = 10) were set
aside for validation purposes. We repeated this process 200 times
to estimate the average and variation ranges of the model param-
eters and their validations. All statistical analyses were performed
with SPSS for Windows, version 17.0 (SPSS Inc., Chicago, IL, USA).

3. Results and discussion

Structural attributes of vegetation in our study area were highly
variable, as LOI and NDVI varied between 0.14 and 0.79 (unit-
less), and 115–187 (unitless), respectively. High variability was also
found for the three LFA indices, as the stability, infiltration and
nutrient cycling indices varied between 45% and 62%, 23% and 54%,
and 20% and 51%, respectively. The regressions fitted showed a lin-
ear and positive relationship between the NDVI and both the three
LFA indices and the LOI (R2 > 0.36, P < 0.001 in all cases, Table 1 and
Fig. 2). The models fitted were successfully validated, as the rela-
tionships between predicted and observed values were significant
in all cases (Table 1 and Fig. 3).

It is well known that the NDVI is directly related to the photo-
synthetic capacity, and therefore to the ability of absorbing energy,
of vascular plants (e.g., Sellers, 1985; Tucker et al., 1985). NDVI
was linearly related to total plant cover (measured with LOI) in
our study area, a pattern also found in other regions (Tucker and
Sellers, 1986; Paruelo et al., 2004). Plant cover and other struc-
tural attributes of vegetation, such as average inter-patch length,
have been found to be primary determinants of variations in the
LFA indices in semi-arid S. tenacissima steppes from Spain (Maestre
and Cortina, 2004; Maestre and Puche, 2009). Furthermore, NDVI
has also been found to correlate well with soil properties linked
to vegetation, such as soil carbon (Sumfleth and Duttmann, 2008)
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Table 1
Summary of the 200 models conducted to predict and validate the relationships between the normalized difference vegetation index (NDVI) and the stability, infiltration
and nutrient cycling indices, and between NDVI and the landscape organization index.

Model Variables Mean R2 Range R2 % of significant (P < 0.05) models

Predictiona NDVI–stability index 0.461 0.39–0.59 100
NDVI–infiltration index 0.521 0.41–0.58 100
NDVI–nutrient cycling index 0.453 0.36–0.49 100
NDVI–landscape organization index 0.648 0.53–0.73 100

Validationb Stability index 0.660 0.58–0.82 100
Infiltration index 0.745 0.65–0.78 100
Nutrient cycling index 0.533 0.42–0.74 100
Landscape organization index 0.755 0.64–0.92 100

a In all cases, n = 30.
b In all cases, n = 10.

and phosphorus (Rivero et al., 2009), which can also be predicted
by the LFA indices (Maestre and Puche, 2009). The relationships
found between NDVI and the LFA indices agree with theoretical
and empirical work showing the importance of vegetation cover
for the proper functioning of semiarid ecosystems in general (e.g.,
Ludwig and Tongway, 1995; Bastida et al., 2007; Li et al., 2007), and
of S. tenacissima steppes in particular (Maestre and Escudero, 2009;
Maestre et al., 2009).

Most of the studies carried out to date using NDVI have
employed this index to monitor changes in vegetation structure,
overall health status and phenology (e.g., Holme et al., 1987; Small,
2001; Zhao et al., 2009). In recent years, NDVI is being used to assess
soil properties such as nutrients (Sumfleth and Duttmann, 2008;
Rivero et al., 2009), and moisture (Han et al., 2010). Our results
complement these studies, as they indicate that NDVI can also pre-
dict functional indicators related to soil stability, infiltration and
nutrient cycling in semi-arid steppes. The use of “slow” soil vari-
ables, such as organic carbon, total nitrogen and phosphorus, has
been recommended to monitor desertification processes because
they have lengthy turnover times, and are thus useful for gaining
insights into long-term ecosystem changes and resource collapses
(Reynolds et al., 2007a).

Our results indicate that NDVI data obtained from an ASTER
satellite image are suitable for monitoring and assessing changes in
the functionality of ecosystems over large areas. While the relation-
ships between NDVI and the LFA indices evaluated were significant,
average R2 values were below 70% in all cases (Table 1), suggesting
that improvements on the predictive capability of remote sensing
information to predict such indices are possible. To achieve such
improvements, future research could evaluate the potential use of
remotely sensed vegetation indices other than NDVI, such as the
Soil Adjusted Vegetation Index, which has some advantages over
NDVI on some soil types (Jafari et al., 2007). The combined use of
more advanced remote sensing tools, such as LiDAR and QuickBird
imagery (Johansen et al., 2010), could also improve the accurate
of predicting the LFA indices. However, such increase in precision
must be balanced against the increased costs of other remote sens-
ing data compared to ASTER images, which are inexpensive and
have a good spatio-temporal replication. This is particularly impor-
tant to facilitate the monitoring of large areas in areas lacking the
resources and expertise to acquire and use advance remote sensing
information.

Recent studies conducted in S. tenacissima steppes have shown
that the LFA indices are good predictors of soil variables related
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Fig. 3. Examples of regressions between field-measured values and predicted model values for stability, infiltration and nutrient cycling indices, and for the landscape
organization index (LOI). See Table 1 for a summary of the validation models conducted. Results of a linear regression are shown in all cases.
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with microbial activity, nutrient cycling, and infiltration, such as
soil compaction, pH, total soil N and P, soil respiration and the
activities of soil enzymes (urease, phosphatase and �-glucosidase;
Mayor, 2008; Maestre and Puche, 2009). Our results show that the
NDVI can successfully predict the three LFA indices in S. tenacissima
steppes, and thus indicate that NDVI can be used as an indicator
of ecosystem functioning, defined as its ability to retain and uti-
lize resources. They complement previous field-based studies and
indicate that NDVI can be used to monitor changes in ecosystem
functioning over large spatial scales, something very difficult and
costly to achieve using only field-based monitoring. Thus, NDVI can
be used as a reliable and relatively easy to use tool for managing and
monitoring degradation/desertification processes in S. tenacissima
steppes.

Acknowledgements

We thank F. Muller, J. Ludwig and an anonymous reviewer for
their constructive comments and suggestions on a previous ver-
sion of this manuscript, and R. García-Rodríguez for his help with
the treatment of ASTER images. This research has been funded
by the European Research Council under the European Commu-
nity’s Seventh Framework Programme (FP7/2007-2013)/ERC Grant
agreement no. 242658 (BIOCOM).

References

Asner, G.P., Heidebrecht, K.B., 2005. Desertification alters regional
ecosystem–climate interactions. Global Change Biol. 11, 182–194.

Asner, G.P., Borghi, C.E., Ojeda, R.A., 2003. Desertification in central Argentina:
changes in ecosystem carbon and nitrogen from imaging spectroscopy. Ecol.
Appl. 13, 629–648.

Ata Rezaei, S., Arzani, H., Tongway, D., 2006. Assessing rangeland capability in Iran
using landscape function indices based on soil surface attributes. J. Arid Environ.
65, 460–473.

Bartley, R., Roth, C.H., Ludwig, J., McJannet, D., Liedloff, A., Corfield, J., Hawdon, A.,
Abbott, B., 2006. Runoff and erosion from Australia’s tropical semi-arid range-
lands: influence of ground cover for differing space and time scales. Hydrol. Proc.
20, 3317–3333.

Bastida, F., Moreno, J.L., Hernández, T., García, C., 2007. Microbial activity in non-
agricultural degraded soils exposed to semiarid climate. Sci. Total Environ. 378,
183–186.

Bastin, G., Ludwig, J.A., Eager, R.W., Chewings, V.H., Liedloff, A.C., 2002. Indicators of
landscape function: comparing patchiness metrics using remotely-sensed data
from rangelands. Ecol. Indic. 1, 243–260.

Derbel, S., Cortina, J., Chaieb, M., 2009. Acacia saligna plantation impact on soil surface
properties and vascular plant species composition in central Tunisia. Arid Land
Res. Manage. 23, 28–46.

Fernández, R.J., Archer, E.R.M., Ash, A.J., Dowlatabadi, H., Hiernaux, P.H., Reynolds,
J.F., Vogel, C.H., Walter, B.H., Wiegand, T., 2002. Degradation and recovery in
socio-ecological systems: a view from the household/farm level. In: Global
Desertification: Do Humans Cause Deserts? Dahlem University Press, pp.
297–324.

Han, Y., Wang, Y.Q., Zhao, Y.S., 2010. Estimating soil moisture conditions of the
greater Changbai Mountains by land surface temperature and NDVI. IEEE Trans.
Geosci. Remote Sens. 48, 2509–2515.

Herrick, J.E., Van Zee, J.W., Havstad, K.M., Whitford, W.G., 2005. Monitoring Manual
for Grassland, Shrubland, and Savanna Ecosystems. Volume II: Design, Supple-
mentary Methods and Interpretation. USDA-ARS, Las Cruces.

Holm, A., Bennet, L.T., Loneragan, W.A., Adams, M.A., 2002. Relationships between
empirical and nominal indices of landscape function in the arid shrubland of
Western Australia. J. Arid Environ. 50, 1–21.

Holme, A.McR., Burnside, D.G., Mitchell, A.A., 1987. The development of a system for
monitoring trend in range condition in the arid shrublands of Western Australia.
Aust. Range. J. 9, 14–20.

Imeson, A.C., Prinsen, H.A.M., 2004. Vegetation patterns as biological indicators for
identifying runoff and sediment source and sink areas for semi-arid landscapes
in Spain. Agric. Ecosyst. Environ. 104, 333–342.

Jafari, R., Lewis, M.M., Ostendorf, B., 2007. Evaluation of vegetation indices for assess-
ing vegetation cover in southern arid lands in South Australia. Rangeland J. 29,
39–49.

Johansen, K., Arroyo, L.A., Armston, J., Phinn, S., Witte, C., 2010. Mapping riparian
condition indicators in a sub-tropical savanna environment from discrete return
LiDAR data using object-based image analysis. Ecol. Indic. 10, 796–807.

Li, J., Okin, G.S., Alvarez, L., Epstein, H., 2007. Quantitative effects of vegetation cover
on wind erosion and soil nutrient loss in a desert grassland of southern New
Mexico, USA. Biogeochemistry 85, 317–332.

Ludwig, J.A., Tongway, D.J., 1995. Spatial organization of landscapes and its function
in semi-arid woodlands, Australia. Landscape Ecol. 10, 51–63.

Ludwig, J.A., Tongway, D.J., Bastin, G.N., James, C., 2004. Monitoring ecological indi-
cators of rangeland functional integrity and their relationship to biodiversity at
local to regional scales. Austral Ecol. 29, 108–120.

Ludwig, J.A., Bastin, G.N., Chewings, V.H., Eager, R.W., Liedloff, A.C., 2007. Leakiness:
a new index for monitoring the health of arid and semiarid landscapes using
remotely sensed vegetation cover and elevation data. Ecol. Indic. 7, 442–454.

Maestre, F.T., Bowker, M.A., Puche, M.D., Hinojosa, M.B., Martínez, I., García-Palacios,
P., Castillo, A.P., Soliveres, S., Luzuriaga, A.L., Sánchez, A.M., Carreira, J.A., Gal-
lardo, A., Escudero, A., 2009. Shrub encroachment can reverse desertification in
Mediterranean semiarid grasslands. Ecol. Lett. 12, 930–941.

Maestre, F.T., Cortina, J., 2004. Insights into ecosystem composition and function in
a sequence of degraded semiarid steppes. Restor. Ecol. 12, 494–502.

Maestre, F.T., Cortina, J., Vallejo, R., 2006. Are ecosystem composition, structure and
functional status related to restoration success? A test from semiarid Mediter-
ranean steppes. Restor. Ecol. 14, 258–266.

Maestre, F.T., Escudero, A., 2009. Is the patch-size distribution of vegetation a suit-
able indicator of desertification processes? Ecology 90, 1729–1735.

Maestre, F.T., Puche, M.D., 2009. Indices based on surface indicators predict soil
functioning in Mediterranean semiarid steppes. Appl. Soil Ecol. 41, 342–350.

Maestre, F.T., Ramírez, D.A., Cortina, J., 2007. Ecología del esparto (Stipa tenacissima
L.) y los espartales en la Península Ibérica. Ecosistemas 16, 116–135.

Mayor, A.G., 2008. El papel de la dinámica fuente-sumidero en la respuesta hidrológ-
ica, a varias escalas, de una zona mediterránea semiárida. PhD. Thesis. PN
University of Alicante.

Oliva, G., Gaitán, J., Bran, D., Nakamatsu, V., Salomone, J., Buono, G., Escobar, J., Frank,
F., Ferrante, D., Humano, G., Ciari, G., Suarez, D., Opazo, W., 2009. Manual para
la Instalación y Lectura de Monitores MARAS. INTA, Santa Cruz.

Ong, C., Tongway, D., Caccetta, M., Hindley, N., 2009. Phase 1: deriving ecosystem
function analysis indices from airborne hyperspectral data. CSIRO Exploration
& Mining. Unpublished report.

Paruelo, J., Garbulsky, M.F., Guerschman, J.P., Jobbagy, E.G., 2004. Two decades of
normalized difference vegetation index changes in South America: identifying
the imprint of global change. Int. J. Remote Sens. 25, 1–14.

Prince, S.D., de Colstoun, E.B., Kravitz, L.L., 1998. Evidence from rain-use efficien-
cies does not indicate extensive Sahelian desertification. Global Change Biol. 4,
359–374.

Pyke, D.A., Herrick, J.E., Shaver, P.L., Pellant, M., 2002. Rangeland health attributes
and indicators for qualitative assessment. J. Range Manage. 55, 584–597.

Reynolds, J.F., Stafford Smith, D.M., Lambin, E.F., Turner I.I, B.L., Mortimore, M.,
Batterbury, S.P.J., Downing, T.E., Dowlatabadi, H., Fernández, R.J., Herrick, J.E.,
Huber-Sannvald, E., Leemans, R., Lynam, T., Maestre, F.T., Ayarza, M., Walker,
B., 2007a. Global desertification: building a science for dryland development.
Science 316, 847–851.

Reynolds, J.F., Maestre, F.T., Kemp, P.R., Stafford-Smith, D.M., Lambin, E., 2007b.
Natural and human dimensions of land degradation in drylands: causes and con-
sequences. In: Canadell, J., Pataki, D., Pitelka, L.F. (Eds.), Terrestrial Ecosystems
in a Changing World. Springer-Verlag, Berlin, pp. 247–258.

Rivero, R.G., Grunwald, S., Binford, M.W., Osborne, T.Z., 2009. Integrating spectral
indices into prediction models of soil phosphorus in a subtropical wetland.
Remote Sens. Environ. 113, 2389–2402.

Sellers, P.J., 1985. Canopy reflectance, photosynthesis, and transpiration. Int. J.
Remote Sens. 6, 1335–1372.

Small, C., 2001. Estimation of urban vegetation abundance by spectral mixture anal-
ysis. Int. J. Remote Sens. 22, 1305–1334.

Soil Survey Staff, 1994. Keys to Soil Taxonomy. USDA Soil Conservation Service, sixth
edition. Pocahontas Press, Blacksburg.

Sumfleth, K., Duttmann, R., 2008. Prediction of soil property distribution in paddy
soil landscapes using terrain data and satellite information as indicators. Ecol.
Indic. 8, 485–501.

Thompson, W.A., Eldridge, D.J., Bonser, S.P., 2006. Structure of biological soil crust
communities in Callitris glaucophylla woodlands of New South Wales, Australia.
J. Veg. Sci. 17, 271–280.

Tongway, D.J., Hindley, N., 2004. Landscape Function Analysis: Procedures for Mon-
itoring and Assessing Landscapes with Special Reference to Minesites and
Rangelands. Sustainable Ecosystems, Commonwealth Scientific and Industrial
Research Organisation, Canberra, ACT, Australia.

Tongway, D.J., Hindley, N., 2003. Indicators of ecosystem rehabilitation suc-
cess. Unpublished report http://www.cse.csiro.au/publications/ 2003/Indicator-
sOfMinesite RehabilitationSuccessStage2-100703.pdf).

Tongway, D.J., Ludwig, J., 2010. Restoring Disturbed Landscapes: Putting Principles
into Practice. Island Press, Washington, DC.

Tucker, C.J., Sellers, P.J., 1986. Satellite remote-sensing of primary production. Int. J.
Remote Sens. 7, 1395–1416.

Tucker, C.J., Townshend, J.R., Goff, T.E., 1985. African land-cover classification using
satellite data. Science 227, 369–375.

Wu, B., Ci, L.J., 2002. Landscape change and desertification development in the Mu
Us Sandland, Northern China. J. Arid Environ. 50, 429–444.

Whitford, W.G., 2002. Ecology of Desert Systems. Academic Press, London.
Zhao, B., Yan, Y., Guo, H., He, M., Gu, Y., Li, B., 2009. Monitoring rapid vegetation

succession in estuarine wetland using time series MODIS-based indicators: an
application in the Yangtze River Delta area. Ecol. Indic. 9, 346–356.


